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Abstract

This research examined the psychometric properties (e.g., factor structure, reliability) of the
Florida Board of Regents Student Assessment of Instruction instrument and the relation
between various factors (adaptations for distance education, initial expectations, time, non-
instructional factors, and response scale format) and students' course evaluations. Data were
collected from 631 studentsin an undergraduate course in educational assessment and in
graduate coursesin educational technology, language arts, and library science at varioustimes
during the semester. Resultsfor the course evaluationsreflected a one-factor model andinternal
consistency reliabilities greater than .90. No significant differences in students’ course
evaluation ratings emerged across time during the semester, students’ first and last day ratings
of a course, non-instructional factor,( excluding hours employed), or response scale formats.

The Board of Regents (BOR) of the State University System of Florida mandated that each
state university in Florida use the State University System Student Assessment of Instruction (SUSSAI)
instrument beginning in the spring of 1996. With limited exception, all undergraduate and graduate
courses taught by faculty members, adjuncts, and graduate assistants were to be assessed using this
instrument. It was also mandated that summary results be made available to students or membersof the
public to facilitate student selection of courses and that results be used in the evaluation of faculty
instruction (State University System of Florida, 1995). The mandated introductory statement and eight

items may be supplemented with other assessment items used by auniversity, college, or department.
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Best practiceswould suggest that psychometric properties of the instrument be examined before results
are used for making meaningful decisions (American Educational Research Association, American
Psychological Association & National Council on Measurement in Education, 1999).

Though the Board of Regents of the State University System of Forida has since been
dissolved by the governor, it isanticipated that current policieswill remainin effect at least until the
new management system is in place; continuation thereafter remains to be determined. Since these
changesin the university management system areimminent, research to inform decisonsregarding the
continuation, revision, or elimination of current practices related to course evaluation is needed.

The purpose of the articleisto examine the Florida Board of Regents Student A ssessment of
Instruction (1995) instrument and to invite policy analysis discourse on the evaluation of university
instruction. The six studies examine psychometric propertiesof theinstrument and the rel ation between
various factors and students' ratings of their professors as measured using the SUSSAI professor
rating form. The studiesare asfollows: (1) Factor Structure of the Florida SUSSAI Professor Rating
Form, (2) Using aModified Board of Regents Course Eva uation Form for Distance and Technology-
based Courses, (3) Comparison of Students’ Initial Expectations For Their Professorsand Their End
of Course Ratings, (4) Changes in Individual Students Evaluations of Their Professors Over a
Semester, (5) Non-Faculty Factors Related to Students' End of Course Ratings of Their Professors,
and (6) Influence of Response Scale Format on Students' Ratings of Professors.

Theoretical Background
Students' Ratings of Instruction

Useof student ratings of faculty instruction has grown notably since the 1960'sto the extent that
it isnearly auniversal practice (Centra, 1993). Typically, questionnaires are used to collect student
perceptions of the course and instructor, with the information being used for (a) diagnostic feedback
for faculty, (b) measures of effectivenessfor administrative decision making, (c) students selection of
courses, (d) course or curriculum development, and (€) research on teaching (Marsh, 1987). The
quality of information from such assessment isrelated to the psychometric properties of the instrument,
particularly the validity and reliability of the obtained results. The most widely used instruments are
similar in content, and their results tend to have reasonable estimates of validity and reliability
(Centra, 1993; Marsh, 1987). Researchers have examined the rel ationships between student ratings
and various indicators of effective instruction (e.g., student achievement, instructor self-ratings,

administrator and colleague ratings) and have concluded that student ratings do correlate positively
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with these indicators (Cashin, 1994). Ratings are considered generalizable across a number of
instructional situations and unaffected by bias, though thisissue continuesto be examined in different
contexts and related to specific sources of bias (Feldman, 1997; Greenwald, 1997; Marsh, 1987).
Prior research has indicated students' ratings of instruction correlate with various background
characteristics such as prior interest, genera interest, workload, and expected grade (Cashin, 1994,
Marsh, 1987).

Since no single definition of effective instruction is universally accepted, there are many
similar instruments that differ according to each author’ s theorized model of the construct. Effective
instruction isgenerally thought to be multidimensional; however, researchersdiffer in their definitions
of the dimensions and the role of dimensionality within the various purposes of instructional
evaluation (d'Appollonia & Abrami, 1997; Marsh & Roche, 1997). Although student ratings of
instruction have been studied extensively, it is generally agreed that thereis aneed to study specific
instruments for the particular purposes for which they are used (Arreola & Aleamoni, 1990; Dilts,
Haber, & Bialik, 1994; McKeachie, 1997).

Samples and Procedures
Participantsfor the six studiesincluded pre-service teacher education studentsenrolled in an
undergraduate assessment course and graduate, web-based distance education students enrolled in
educational technology, language arts, and library science courses (N = 631) at alarge state university
in Florida. The preservice teacher samplewas drawn from 26 sections of the assessment course taught
by four instructors from the fall 1995 through spring 1999 semesters. Students mgors included
elementary (43.5%), secondary (19.5%), exceptional student education (20.5%), performance areas
such as art, music and physical education (12%), and other (4.5%). A large mgjority of the students
werefemale (80%) asistypical of pre-serviceteacher education programs. Studentsregistered for the
assessment course following typical course registration procedures, and without knowing in advance
the instructor assigned to their section. Two instructors were full time professors and two were
adjunct instructors who were doctoral studentsin the subject with more than three years college level
teaching experience. Students enrolled in the graduate educational technology, language arts, and
library science courses were majors in these program areas, and they had advance knowledge of the

distance format and the faculty who would teach their courses.

For the assessment course, each section used the same syllabus, instructional equipment and
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materials, as well as the same assessments. The course was comprised of four units of instruction.
Students completed a portfolio and each unit was followed by acriterion-referenced, objective, unit
posttest and two attitude questionnaires. Achievement and attitudinal pre-assessments were
administered thefirst day of class during course orientation but prior to any discussion of the course.
The final attitude questionnaires were completed following the final exam but prior to assignment of

course grades. The graduate courses all differed by content, instructional procedures, and faculty.

I nstruments

State University System Student Assessment of Instruction (SUSSAI). This instrument,
developed by atask forcein accordance with amandate by the Florida State Board of Regents, isused
to collect and publish students’ ratings of faculty and instruction. It was influenced in content and
format by an instrument previoudy used at a large state university. A faculty committee at that
university conducted a literature review and compared instruments from universities throughout the
United States. The criteria used to design the items were that the questions would be general and
applicable in various settings, not diagnostic in nature, and used for general rather that specific
interpretation. After the committee agreed on content and format, a pilot was conducted and factor
anaysis used to examine datafrom the newly formed genera questionsand a set of special questions
on testing and grading, course organization, assignments, and amount learned (Legg & Cunningham,
1995). The BOR task force, working through memos and phone conversations, developed adraft of its
version that was circulated among the task force and various constituencies. The existing SUSSAI
content and format wasthen finalized (J. Eison & J. Linder, personal communication, October 1997).
The SUSSAI is an evaluation form that solicits student responses to eight global statements about
instructional content and delivery (see Table 1).

Academic Motivation Profile (AMP). The Academic Motivation Profile (Carey, 1990) is
based on theories of students' academic motivation described in Keller's ARCS Model (19873,
1987b) of instructional design. Keller’ smodel includesfour el ementsthat are critical to the design of
effective instruction: attention (A), relevance (R), confidence (C), and satisfaction (S). The AMP
provides ameasure of students' evaluati on of acourserelativeto their attentiveness during instruction;
the relevance of the material presented for their personal and professional goals; the level of
confidence they develop during the course in performing course goals, and intrinsic satisfaction with

their own participation, development, and professional affiliation. It contains four factors with nine
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itemseach. Previous studies (Carey, Dedrick, Carey, & Kushner, 1994) of the psychometric properties
of the AMP supported the four-factor structure with high estimates of Cronbach apha internal
consistency reliability indices for the subscales: attention, .90; relevance, .91; confidence, .95; and
satisfaction, .92.

Instrument Administration Procedures

For the assessment course, students completed the SUSSAI and the AMP during orientation on
the first day of class prior to any discussion about the course or faculty expectations and again
following each of four achievement tests, including the final examination on thelast day of the course.
Students' anonymity was protected, and to link students’ responses across time, they used a code
consisting of their fathers and mothers' first names. The undergraduate and graduate studentsin the
web-based distance courses completed the SUSSAI only once during the last week of class.

Thetwo instruments used in the studies with assessment students were direct adaptations of the
SUSSAI and the AMP. They were administered together in one of three forms, each using the same
itemsasthe original instruments but a different response format (Form A, B, or C). Form A contained
the original SUSSAI response scale which ranged from 1 Excellent to 5 Poor; Form B contained the
current scale which ranged from 1 Poor to 5 Excellent; and Form C contained a Likert-type scal e that
ranged from 1 Strongly Disagree to 5 Strongly Agree. Item stems for the SUSSAI and the AMP
remained the same acrossall forms. Prior to initial data collection, students were randomly assigned
to one of the forms that they continued to use during the four remaining data collection points
throughout the semester.

The SUSSAI was adapted for web-based distance students to reflect better the instructional
context in distance education. Only two items were modified, and prior to administration, the item
adaptations were judged appropriate by the University’s Academic Computing Committee,
Instructional Technology Committee, Distance Education Learning Model Work Group, and the
College of Education’s Instructional Technology Committee. The item adaptations are included in
Table 1. Theremaining sections of this paper describe the six studies examining the characteristics of
the SUSSAL.

Table 1
Sate University System Student Assessment of Instruction Items and Items Adapted for Distance
Education

ltems Responses®
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P F G VG E
1. Description of course objectives and assignments 1 2 3 4 5
2. Communication of ideas and information 1 2 3 4 5
3. Expression of expectations for performance in this class 1 2 3 4 5
4. Avai I.abi I.it'y to assig studentsin or out of class 1 5 3 4 5

(Availability to assist students)

5. Respect and concern for students 1 2 3 4 5
6. Stimulation of interest in the course 1 2 3 4 5
7. Facilitation of learning. 1 2 3 4 5
8. Overall assessment of instructor 1 > 3 4 5

(Overall assessment of instruction)

Note. Itemsin parentheses were adapted for distance education.
%P = Poor, F = Fair, G = Good, VG = Very Good, and E = Excellent.

Study 1: Factor Structure of the Florida SUSSAI Professor Rating Form

Confirmatory factor analysis is frequently used to determine the extent to which data fit a
theoretical model from which an instrument has been designed thereby providing some of the
necessary evidence of validity (Crocker & Algina, 1986). The procedure is frequently used to
determine the extent to which datafrom students' evaluations of teaching effectivenessfit dimensions
identified in models of effective instruction (Marsh, 1987). Logical analysis of research on
instructional practices, student achievement, and other, smilar instruments often guide the
development of these models. Items are then written to represent various aspects of effective
instruction within the model. Data are collected and factor analysis is used to determine whether
students’ responses to the questionsfit the hypothesized model. Thereis similarity among the models
but researchers have differed on the number as well as the nature of dimensions identified and how
they relate to use of the ratings. Marsh (1987) has proposed nine dimensions of effective instruction,
Feldman (1997) proposed 28, and Centra (2000) proposed eight dimensions. It isgenerally agreed that
scores from multidimensional instruments are more useful for formative evaluation of instruction.
There is less agreement about whether more specific scores from multidimensional instruments or
general information from global itemswould best serve personnel evaluation purposes (d’ Apollonia
& Abrami, 1997; Marsh, 1997). Other studies have examined whether the many aspects of instruction
may be represented with two or three higher order factors such as pedagogical skill and rapport;

professional maturity and empathy; or presentation, facilitation of learning, and management (see
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Marsh, 1991) or even asingle, global factor (Cheung, 2000; Marsh, 1991). Best practicessuggest that
developersand users of such instruments provide evidence that inferences made from the scores will
be appropriate for the specified purpose.

The SUSSAI has been devel oped to assess instruction for accountability purposes. It will be
examined hereinrelation to athree dimensional model of effective instructional practices developed
from cognitive learning theory and research on the effects of interpersonal interactions between
students and teachers on classroom learning. The proposed i nstrument dimensionsare generated from
Gagné snineinstructional events (Gagné, 1985). Thefirst dimension, Student Preparation, concerns
preparation of thelearner for instruction and reflects Gagné s gaining attention, informing the learner
of the objective, and stimulating recall of prerequisite learning events. The second dimension, Teacher
Preparation, consists of eventsrelated to processesinvolved in the delivery of instruction: presenting
the stimulus material, providing learning guidance, diciting the performance, and enhancing retention
and transfer. Using amore global perspective, these two dimensions may be viewed as part of asingle
construct that includes the pedagogical aspects as they are distinguished from the personal, social
aspects of instruction. The last dimension, Interaction, is derived from Gagné s providing feedback
and assessing performance events as well as research on interpersona aspects of teacher/student
interactions that have shown positive relationships to learning. The interaction dimension aso
includesthe socia context of learning. Tiberiusand Billson (1991) believethat this context includes,
but isnot limited to, theroles, responsibilities, and interactions between teachers and studentsthat are
present in every instructional situation. They refer to an alliance between teachers and students that
promotes student growth. Communi cation theory and the notion that communication between partiesis
influenced by the nature of the relationship between them are central in their discussion of social
context. Two of the seven principlesfor good practice described by Chickering and Gamson (1991),
including student faculty contact and respect for diverse talents and ways of learning, are interaction
related. Thisinterpersona dimension resemblesempathy or rapport from the more global perspective.

This study used confirmatory factor analysisto evaluate the internal structure of the SUSSAI
instrument. Content analysis yielded items that logically fit one of the dimensions described above
rather than the others. Because the instrument contains only eight items, seven that imply specific
behaviorsand one global item, and because of the limitations of confirmatory factor analysiswith such
asmal number of items, the hypothesized dimensions were represented in the model asfollows. The

teacher preparation and student preparation dimensions were combined to form an instructional skill
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dimension that would be distinguishable from the interaction dimension. Two alternative factor
modelsweretested: (a) atwo-factor model in which five items (Description of course objectivesand
assignments, Communication of ideas and information, Expression of expectationsfor performancein
this class, Stimulation of interest in course, Facilitation of learning) loaded on an Instructional Skill
factor, and two items (Availability to assist students in or out of class, Respect and concern for
students) loaded on an Interpersonal factor, and (b) a one-factor model in which seven-items loaded
on one factor (item 8 "Overall assessment of instructor”" was not used for these analyses because it
represented a summary measure).
Sample and Procedures

Undergraduate students (n = 495) from multiple sections of acoursein classroom assessment
participated in the study between fal, 1995 and spring, 1997. Students were randomly assigned to
form A, B, or C of the course evaluation questionnaire, as described previoudy. Students anonymoudy
and voluntarily completed the instrument following their final exam and prior to receiving their term
grade.
Instruments and Analyses

The State University System Student Assessment of Instruction (1995) instrument described
previously was used in this study. Confirmatory factor analysis models were estimated using
polychoric correlations and the weighted least squares fitting function in LISREL 8 (Joreskog &
Sorbom, 1995). One- and two-factor modelswere eva uated for each form of the SUSSAI instrument
(A, B, C).
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Results and Discussion

Thefit gtatisticsfor the one-factor model, while not as good as those for the two-factor modd,
indicated that the model provided an acceptablefit to the data. Additional support for the one-factor
model is suggested by the strong correlation between the Skill and Interpersonal factorsin the two-
factor model for Forms A, B, and C (rs = .95, .90, .92). These correlations indicate that there is
considerable overlap between the Skill and Interpersonal factors. Therefore, the one-factor model
provides an acceptable and parsimonious representation of the data. Table 2 summarizes the fit
statistics for al the models.

Study 2: Using a Modified Board of Regents Cour se Evaluation Form for
Distance and Technology-based Cour ses

The SUSSAI form was reworded to make it more appropriate for the instructional context in
distance and other technol ogy-based courses. The purpose of this study wasto examine the impact of
the reworded items on the factor structure of the overall instrument.
Sample and Procedures

The participants in this study included 99 undergraduate and graduate students enrolled in
web-based distance coursesin assessment, educational technology, language arts, and library science
a the university. Theinstrument was administered only oncein the spring term of 1999 during the last
week of class; students completed the form anonymously. There were 91 cases with complete data.
Instruments and Analysis

Two modifications were made to the wording of the SUSSAI items. Oneitem originally asked
students to rate the instructor’s “availability to assist students in and out of class.” The item was
truncated to instructor’s “availability to assist students,” making the item less specific to classroom
instruction. Thelast item originally asked studentsto rate the “overall assessment of instructor.” The
item was modified to rate the “ overall assessment of instruction,” making theitem less specific to the
one-instructor classroom model and more applicable to distance and technology courses developed
and delivered by teams (see Table 1). Question 8, “Overall assessment of the instructor,” was
excluded from the factor analysisin Study 1, since it is a summary item. With the modification of
Question 8toread, “ Overall assessment of theinstruction,” it potentially fit with the Instructional Skill
factor. As such, it was included in the factor analysis for Study 2. Confirmatory factor analysis was

used to examine the factor structure of the modified instrument, and results of this analysiswere then
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compared to those of Study 1.
Results and Discussion
A summary of thefit statistics for the two modelstested in Study 2 isin Tables 2 and 3.
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Table2
Fit Satistics for One- and Two-Factor Models for the Board of Regents Course Evaluation
Instrument by Form (Study 1)

Study 1 (n = 495)

One factor Two factor
Fit statistic Form A Form B Form C Form A Form B Form C
ra 25778 36.865**  31.411* 19.061 27.013 17.099
Df 14 14 14 13 13 13
RMSEA? .071 101 .087 .053 .082 .044
CFI° .998 .998 .995 .999 .999 .999

Note. FormA: n= 168, FormB: n= 160, FormC: n = 167.

#RMSEA = Root mean square error of approximation (RMSEA < .08 represents acceptabl e fit).
® CFl = Comparative fit index (CFI > .90 represents acceptable fit).

*p< .0l ** p< .00l

Table3
Fit Satistics for One- and Two-Factor Models for the Instrument Modified for Distance and
Technol ogy-based Courses (Sudy 2)

Study 2 (n=91)
Onefactor Two factor
e 29.02 27.45
df 20 19
RMSEA? 0.07 0.07
CFI° 1.00 1.00

#RMSEA = Root mean square error of approximation (RMSEA < .08 represents acceptable fit).
® CFI = Comparative fit index (CFI > .90 represents acceptable fit).
*p< .0l ** p< .00l

Resultsin Study 2 using the modified SUSSAI are very similar to those of Study 1 using the
current form of theinstrument. Again, the one-factor model provided an acceptable and parsimonious
representation of the data. A two-factor model aso fit, with one factor representing “ Instructional
skills” and the other factor “Interpersona skills.” As stated in Study 1, support for the one-factor
model is strengthened by the strong correl ation between the Skill and Interpersona factorsin thetwo-
factor model, indicating considerable overlap. The sameis true for the modified items. The modest
wording changesto the SUSSAI to make it more applicabl e to distance and technol ogy-based courses
did not change the factor structure of theinstrument. The advantage of using the modified SUSSAI with
studentsin distance coursesisthat it poses questionsthat are more applicableto studentsin therapidly
growing number of distance and technology-supported courses at universities.

Study 3: Comparison of Students' Initial Expectations For Their
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Professorsand Their End of Cour se Ratings

Although pretesting achievement for course evaluation is considered prudent, the practice has
not generalized in most cases to al so pretesting students attitudes about a course. Students entering a
course possibly have expectations for the course and instructor that affect their attention to various
course details and their interpretation of eventsthat occur during the class. Applying the value-added
concept to students' course ratings and interpreting post-course evaluations in light of pre-course
expectations should enable more valid inferences about course quality than do single post-course
evaluations.

Thevalidity of using students’ end of term evaluationsto reflect course quality and individual
instructor effectiveness has been questioned for years. Crittendon and Norr (1973) cautioned that
student end of term evaluations should not be used to infer instructional effectiveness since these
ratings include an interaction between student values and teacher behaviors. Inthe samevein, Finaly
and Neumann (1985) described students' satisfaction with instruction asa " generaized attitude toward
variousfacets of collegelifewhichiscumulatively influenced by students experience with instructors
incollege" (p. 11); these generalized attitudes illuminate more about the college as an organization
than about the individua instructor of a course. In spite of these cautions, end of term student
evaluations are commonly recommended as | egitimate outcome measuresfor accreditation purposes,
and they are used by faculty and administratorsto infer instructional effectiveness.

Thesevalues or generalized attitudes are rel ated to students expectations. Their expectations
in agiven setting affect how they perceive the event or experience, and their differing expectations
help to explain how different students give divergent accounts of the same instructor and course.
Slavin (1991) suggests that individuals perceptions of experiences are influenced by their menta
state, past experiences, knowledge, motivations, and other factors. Students enter a classroom with
expectationsfor their progress and instructor based on their history of success and failure in school,
the reputation of the course, and the reputation of the instructor (Kaplan, 1990). Their expectations
have been observed to affect many aspects of their behavior including attention, persistence, and
effort.

Slavin (1991) describes two types of motivation: (a) generalized motivation, a relatively
stable personality characteristic that is shaped by an individual's history of reinforcement and (b)
Situation motivation, a situation-specific attitude that results from a particular circumstance. He

indicates that while situation motivation changes with events, generalized motivations"tend to remain
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constant across avariety of settingsand are difficult to change in the short run” (p. 329). Generalized
motivation helps to explain students general attitudes about school and instruction while situation
motivation hel psto explain changesin students attitudes relative to aparticular course and instructor.
The problem with interpreting students end of term ratings of a course and instructor is determining
whether they mostly reflect their generalized motivations about school or whether they mostly reflect
situation motivations related to the particular instructor and course. The purpose of this study wasto
compare students' first day and last day ratings using the SUSSALI.

Inaprior study (Carey, Carey & Pearson, 1992), students' first day and last day evaluations of
acourse were compared using the College of Education’ s Student Evaluation of Teaching (SET). The
sample included 199 students enrolled in multiple sections of the undergraduate assessment course.
ANCOVA for the last day evauation reveded that students first-day expectations were the best
predictorsof last day evaluations with significant predictions observed for day one expectations (p <
.0001), class section (p < .0001), and section-by-major interaction (p <.0148). ANOVA for thelast
day SET only indicated significantly different course evaluations by class section (p < .0001), no
significant differences by major (p <.9604), but asignificantly different section-by-mgjor interaction
(p<.0229). Similarly, ANOVA for the day one SET measureillustrated that students expectationsfor
theinstructor also differed significantly at the outset for class section (p < .0045) and major (p < .05),
but not for section-by-major interaction.

Sample and Procedures

The sample (N = 152) included only those students who compl eted the instruments on both the
first and last day of classduring Fall of 1996. Students were randomly assigned to form A, form B, or
form C of the SUSSAI. They completed the forms on the first day of class prior to any course
orientation or instruction and again on the last day of classfollowing the final examination but prior to
learning their term grade. Individual students' pre-post SUSSAI formswere linked using parents’ firg
name codes known only to them. No significant differencesin student responses were observed among
the three response formats; therefore, the data were combined for the three forms, with ascale of 1
(poor) to 5 (excellent).

Descriptive statistics were calculated for item and overal instrument means and standard
deviations and to check the assumption of normality. Since SUSSAI dataare aggregated and reported
by item means, item means collected on the first and last day of the course were compared, using

paired-samplest tests.
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Results and Discussion

Based on Slavin's (1991) description of generalized motivation, areatively stable personality
characteristic that is shaped by anindividua's history of reinforcement; prior research with the SET;
and the globa nature of the eight items on the SUSSAI; no significant differences were expected
between students' first day judgments (expectations) and last day ratings of the instructor and course
using the SUSSALI.

Table 4 contains the means and standard deviations for the eight items on the SUSSAI
collected on thefirst and last day of class following the achievement posttest. Items were rated on a
scalefrom 1 (poor) to 5 (excellent). Examining these end of course datain thetypical manner they are
reviewed by personnel committees, administrators, and the general public in the university libraries
across the state, the reader might look for (a) the general position of each item on the five-point scale
asinindicator of overall course quality, (b) areaswhere student ratings differ using the comparative
sizes of the standard deviations across the items, and (c) relative strengths and problems, defined as
areas with most room for improvement acrossthe items, based on highest and lowest ranked itemsin
the set.

Based on theitem meansfor the last day of classin Table 4, it appearsthat students considered
the course to be “pretty good” overall since al item means were greater than 3.5, and the item mean
average was 3.82 (SD = 0.96). Examining “agreement” among students using the standard deviation,
there was most agreement on item 1, description of course objectives and assignments (SD = 1.00),
and least agreement on item 5, respect and concern for students (SD = 1.19). The differences observed
in agreement are possibly related to the relative abstractness of the two items. Considering relative
strengths and problems, it appearsthat the course strengths areitem 8, overall assessment of instructor
(M =4.05, SD = 1.11) and item 4, availability to assist studentsin or out of class (M = 4.00, SD =
1.00). Areas where the course has most room for improvement includeitem 6, stimulation of interest
inthe course (M =3.52, SD = 1.18) and item 2, communication of ideas and information (M = 3.70,
SD =1.03).
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Table4
Item Means and Standard Deviations for the SUSSAI on the First and Last Days of the Semester
and t-tests Comparisons Between Occasions

First day Last day
(pre) (post)
M SD M SD M SD t P

Items Difference

1. Description of course objectives
and assignments

2. Communication of ideas and
information

3. Expression of expectations for
performance in this class

4. Availability to assist studentsin or
out of class

5. Respect and concern for students  4.03 93 388 119 -015 141 -132 .187

6. Stimulation of interest in the
course

7. Facilitation of learning 374 8 375 105 001 120 014 .892

380 8 38 100 -004 117 -042 677

3.83 87 370 103 -014 122 -1.40 164

38 91 38 103 -006 129 -057 571

3.83 87 400 109 017 130 162 107

370 103 352 118 -018 129 -1.76 .081

8. Overall assessment of instructor 413 .86 405 111 -007 125 -0.71 AT76

Mean of all items on instrument 3.88 73 3.82 .96 -0.06 1.03 -0.69 491

Note. n = 152.

To enable a comparison between students’ ratings of faculty on the last day of the semester
with the same students’ ratings on the first day of the term, Table 4 also includes the item meansand
standard deviationsfor both occasions aswell asthe mean differences, t values, and p valuesfor each
item. Comparisons were made using paired-samples t tests, and no significant differences were
observed on any one of the eight items or on an instrument composite score between students’ ratings
of theinstructor on thefirst and the last day of the course. Thet valuesranged fromt =—1.76, (p <.08)
tot=0.14, (p < .89).

When student rating data are aggregated by item means, as they are for reporting results to
faculty members, administrators, and the public, there are no significant differences between sudents
day one and last day ratings on an item-by-item or overal instrument basis for this sample. These
results are consistent with Slavin’ s generalized motivation rather than his situation motivation theory,
a situation-specific attitude that results from a particular circumstance. As noted previoudly, while
situation motivation changes with events (a particular course and particular faculty member),

generalized motivations "tend to remain constant across avariety of settings and are difficult to change
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in the short run (p. 329)."

This causes one to question the validity of the manner in which the SUSSAI is used and
interpreted as a measure of individua faculty effectiveness. On this issue, the reader should pay
attention to the changesin students' attitudes measured using the SUSSAI in the following study since

the results are consistent with this study, and a much larger sample of studentsis used.

Study 4: Changesin Individual Students Evaluations of
Their Professors Over a Semeser

Much course evaluation research has involved collecting data at the end of the course (i.e.,
one-wave) or at midsemester and the end of the course (i.e.,, two-wave). Although these data
collection strategies provide formative and summative feedback to faculty, they provide limited
information about how students' perceptions of instruction change during the course of asemester. Ina
prior study usingthe AMP (Dedrick et al., 1995), afive-wave design (day 1 of class, and weeks4, 8,
11, and 15) was used to measure students perceptions of four dimensions (Attention, Relevance,
Confidence, and Satisfaction) of a course. Results of this study showed that students became less
interested in the course and viewed the course aslessrelevant over time. No changes were observed
in students' levels of confidence and satisfaction. To extend this research, the present study used
growth curve analysis (Bryk & Raudenbush, 1992) to examine the change in the overall score of the
SUSSAI course evaluation instrument at four points during the semester.
Sample and Procedures

Undergraduate students (n = 165) enrolled in six sections of an introductory assessments
course participated in the study during the fall semester, 1996. Within each of the six sections of the
course, studentswere randomly assigned to one of three response scale formats (FormsA, B, and C).
Comparisons of the demographic characteristics of the students across the three formats revealed no
significant differences (p's > .05) on number of semester hours completed, average number of hours
employed, experience with math and computers, and interest in teaching.
Instruments and Analysis

Students completed the SUSSAI and the AMP five times during the semester (day 1 of class,
and weeks 4, 8, 11, and 15). Internal consistency reliabilities (Cronbach alpha) of the measureswere
all greater than .89 (range for the SUSSAI was .92 at week 4 to .97 at week 15; for the AMP therange
was .89 for Attention at week 410 .97 for Confidence at week 15). Analysesfor the present sudy were
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based on the data collected at four time points (weeks 4, 8, 11, and 15).
Results and Discussion

Table 5 includes the overall SUSSAI scores (mean of the 8 items) and the individual items
over the four time points. The means for the overall SUSSAI score ranged from 3.54 (SD = 0.98) at
Week 810 3.81 (SD =0.98) at Week 15. Linear growth trajectories derived using HLM/2L (Version
4.01; Bryk, Raudenbush, & Congdon, 1994) for the SUSSAI measure indicated that on average the
students evaluations did not change significantly over the course of the semester (ope=0.004, p =
.526). Analyses conducted separately on each response scaleformat revealed asimilar pattern of non-
significant changesin students evauations. The slopesfor Form A (original scale), Form B (reversed
scale), and Form C (Likert agreement scale) were 0.004, 0.009, and -0.008, respectively. These
dopeswere not significantly different from zero and were not significantly different from each other.

In contrast to the non-significant changes observed on the SUSSAI Form, significant changes
were observed for these same students on three of the subscalesfrom the AMP (see Table6). Sudents
perceptions of the relevance of the course declined over the semester (slope = -0.025, p <.001),
while their sense of confidence in performing the skills learned in class and their satisfaction with
their personal devel opment increased during the semester (slopes=0.028 and 0.018, p <.001 andp<
.01, respectively). Thefact that changes were observed on the AMP and not the SUSSAI form suggests
either that the SUSSAI instrument may not be sensitive enough to detect changes occurring during the
course of the semester or that the construct measured by the SUSSAI instrument is relatively stable

over time.
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Table5
Descriptive Satistics for the SUSSAI Course Evaluation Form by Week
Variable Week 4 Week 8 Week 11 Week 15
M 3.69 3.54 3.58 3.81
SUSSAI Overall (SD) (0.82) (0.98) (0.91) (0.97)
1. Description of course objectives and M 3.83 3.58 3.69 3.88
assgnments (SD) (1.02) (1.08) (1.01) (0.99)
2. Communication of ideas and M 3.38 3.16 3.38 3.72
information (SD) (1.08) (1.15) (1.04) (1.02)
3. Expression of expectations for M 3.85 3.68 3.69 3.85
performance in this class (SD) (0.95) (1.05) (0.99) (1.01)
4. Availability to assist studentsin or M 4.08 3.90 3.86 4.03
out of class (SD) (0.91) (1.05) (1.11) (1.08)
M 4.11 3.86 3.82 3.91
5. Respect and concern for students (SD) (0.96) (1.16) (1.16) (118)
: . . . M 3.25 3.19 3.22 3.53
6. Stimulation of interest in the course (SD) (1.19) (1.21) (1.20) (1.16)
T . M 3.36 341 3.40 3.79
7. Facilitation of learning. (SD) (1.02) (1.12) (1.00) (1.04)
. M 3.68 3.51 3.55 3.79
8. Overall assessment of instructor (SD) (0.97) (1.18) (1.03) (1.09)

Table 6
Intercepts and Sopes for Linear Growth Curves for Board of Regents (SUSSAI)
Course Evaluation Form and Academic Motivation Profile (AMP)

Variable Intercept Slope
SUSSAI 3.6139 0.0038
AMP

Attention 3.3670 -0.0018

Relevance 4.0978 -0.0249***

Confidence 3.4879 0.0278***

Satisfaction 3.4140 0.0184**
Note. n = 165.

*p<.05. **p< .01, ***p< 001,
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Study 5: Non-Faculty Factors Related to Students End of
Course Ratings of Their Professors

When interpreting student ratings of college instruction one should be aware that ratings can be
systematically higher or lower because of factorsthat are unrelated to instruction (Haladyna & Hess,
1994). If bias is present, but undetected, the validity of the interpretations is jeopardized. For the
undergraduate assessment course, nine student variables were identified that could potentially bias
student ratings of instruction: major areaof study (Major), number of semester hours completed since
admission to the College of Education (Training), prior teaching experience (Experience), current
number of semester hours (Load), number of hours employed (Work), the length of time the student had
wanted to become ateacher (Aspire), the number of years the student planned to teach after graduction
(Career), comfort with mathematics (Math) and experience with computers (Computer). The purpose
of this study wasto explore four questions: (a) Do the mean levels of the ratings of instruction vary
across class sections? (b) Do the mean level s of the student variables vary across class sections? (c)
Arethe student variablesrelated to the student ratings of instruction? (d) Do the relationships among
the student variables and the student ratings of instruction vary across class sections?
Sample and Procedures

Undergraduate students (n = 500) enrolled in 23 sections of an undergraduate assessment
course participated in the study. In the last week of class, students completed the eight SUSSAI items
using one of three response scales. After preliminary analyses, an overall rating was obtained by
calculating the mean of the eight items (Cronbach a phainternal consistency reliability index = .98).
The decision to include data from all three response scales was based on a series of preliminary
analyses showing no statistically significant mean differences among forms on the composite SUSSAI
rating (p>.05). Analyses were carried out using two-level hierarchical models with students nested
within class sections. Data for the student variables were obtained with biographical questions that
accompanied the end of course evaluation instrument. The questions were formatted in an objective
style with five response choices with one representing the lower and five representing the higher
amount of the attribute (e.g., How many semester hours have you completed since admission to the
College of Education? 1 =1 have not yet been admitted, 2 =0-9, 3=10-30,4=31-45,and 5=46 or

more).
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Results and Discussion

The composite ratings of instruction varied across class sections by an amount that was
statistically significant and practically important. A summary of the distribution of section meanson
the SUSSAI and theresults of the likelihood ratio test are presented in Table 6. The minimum section
mean of 2.79 indicates an average response between fair and good, while the maximum section mean
of 4.69 indicates an average rating between very good and excellent. The class sectionsalso varied as
afunction of the student variables. The sections differed by a statisticaly significant amount on the
student variables of Training, Experience, Load, Work, Aspire, and Computer, but not on Math and
Career.

The distributions of section meansfor these variables as well asthe results of the likelihood
ratio tests are presented in Table 7. As an example, consider the variable Work.

Table7
Summary of the Distribution of Section Means and Likelihood Ratio Tests for Random
Variability Across Class Sections

M SD Minimum ~ Maximum c’ (1)
SUSSAI 4.09 0.40 2.79 4.69 34.8*
Student variables
Training 3.69 0.49 2.82 4.80 41.2*
Experience 3.17 0.58 1.84 4.05 41.3*
Load 4.02 0.48 281 4.63 85.6*
Work 2.98 0.59 2.09 4.35 26.9*
Aspire 3.78 0.33 3.05 4.37 4.8*
Career 413 0.29 3.50 4.65 0.0
Math 2.99 0.34 2.47 3.69 0.0
Computer 3.79 0.31 311 4.43 6.6*

Note. Training: number of semester hours completed since admission to the College of Education (1 = | have not yet
been admitted, 5 = 46 or more); Experience: prior teaching experience (1 = | have not observed in a classroom, 5 = |
have taught unsupervised); Load: current number of semester hours (1 = 3, 5= 16 or more); Work: number of hours
employed (1 = none, 5= 31 or more); Aspire: length of time the student had wanted to become a teacher (1 = | till am
not sure | want to be a teacher, 5 = Since before high school graduation); Career: number of years the student planned
to teach after graduation (1 = At this point | do not plan to be a classroom teacher after | graduate from college, 5 = At
this point, | plan a career as a teacher); Math: comfort with mathematics (1 = | have difficulty understanding
mathematically related concepts and processes, 5 = | am very comfortable); and Computer: experience with computers
(1= 1 have no prior experience with computersto 5= | ama regular computer user and am familiar with a variety of
computer applications).

*p< .05.
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The smallest section mean was 2.1 where a rating of 2 corresponds to 1-10 hours of weekly

employment. The largest section mean was 4.3 where a rating of 4 corresponds to 21-30 hours of

weekly employment. Sections also varied in terms of students major area of study. For example, the
percent of elementary majorsranged from 0% to 100%, the percent of secondary majorsranged from
0% to 64%, the percent of specia education majors ranged from 0% to 92%, and the percent of

performance area majors ranged from 0% to 71%. Since the classes differed on both ratings of

instruction and student variabl es, attention was turned to whether the student variableswererelated to
the ratings.

Table 8 contains asummary of the tests for relationships among the student variables and the
ratings of instruction. When the ratings of instruction were modeled using each of the student variables
individually, it wasfound that Work was associated with lower ratings. The estimate, however, was-
.06. A one-unit changein Work (e.g., moving from the rating of 21-30 hours per week to the rating of
31 or more hours per week) leads to a predicted rating of instruction that is only .06 points lower.
Conseguently, the effect issmall. When the overall ratings of instruction were modeled using all of the
student variables simultaneously, Work was again found to be negatively related to the overall ratings
(estimate = -.07). The other student variables were not found to have dtatistically significant
relationships with the ratings when they were entered in the model individually or when they were
entered in the model together. Finally, there was no statistically significant evidence of variability in
effects across class sections (likelihood ratio ¢ (9) = 4.1, p > .05).

To provide adescriptive supplement to these analyses a standard multiple regression wasrun
which model ed the composite ratings as afunction of the nine student variables. The R? for thismodel
was only .051, which underscores the lack of strength in the relationship between the ratings and the
set of nine student variables. Although the students variables clearly differed across sections of this
course, these variables do not appear to biastheratingsto anotable degree. Thisconclusionislimited
to this particular course and the set of factors examined. It is recommended that further studies be

conducted which look at more potential biases and awider range of courses.
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Table 8
Tests of Fixed Effectsin Two Level Models of Sudent Ratings of Instruction
1 Variablein Model All Variablesin Model
Variable Ng}[n Dd?n F p N(;m Dd?n F p

Major? 4 55 0.87 .49 4 5 066 .62
Training 1 22 000 .96 1 22 002 .88
Experience 1 22 161 .22 1 21 0% .34
Load 1 2 034 57 1 22 124 .28
Work 1 22 529 .03 1 22 534 .03
Aspire 1 22 156 .22 1 21 110 .31
Career 1 22 168 .21 1 21 007 .80
Math 1 22 007 .80 1 20 005 .83
Computer 1 22 1.86 .19 1 20 160 .22

#See note to Table 6 for variable and response definitions.

Study 6: Influence of Response Scale Format on
Students Ratings of Professors

Theorigina SUSSAI contained arating scale that went from 1 = Excellent to 5 = Poor. Shortly
after it was developed, the rating scale was changed to 1 = Poor through 5 = Excellent. Does the
response scale format on the SUSSAI affect students' ratings of faculty and courses? Nunnally (1978)
regards any measurement scal e as a convention to be agreed upon by researchers, and he further states
that anecessary criterion for adequacy of aresponse scaleformat isthat it be not simply arbitrary, but
defensible. Various aspects of Likert-type scales used with evaluation measures have been studied,
e.g., effects of postive and negative wording on scale use (Bergstrom & Lunz, 1998), and
respondents definition and use of labels relative to their position within the scale (Klockars &
Y amagishi, 1988). Previous research on effects of the direction and format of the response scale has
produced mixed results. Barnette (1999) concluded the presence of aprimacy effect was not supported
by results in a study of the interaction of positive versus negative wording and order of response
category. Weng and Cheng (2000) found response category order had no substantial influence on
participants responses or characteristics of the scale such as the factor structure. In contrast, Chan

(1991) did find the presence of a primacy effect in that order of response influenced participants
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choicesaswell astheinstrument factor structure. With regard to differing anchor labels, Chang (1996)
found means and standard deviations did not differ across two kinds of labels and concluded that

different anchoring labels would not meaningfully influence the results of attitude measures for

research purposes. In a study examining true/false versus agree/disagree response labels on an

instrument related to characteristics of effective schools, Tesh, McKenzie, and Jaeger (1992) foundno
difference in the reliability of the scales, amount of time for completion, and respondents’ written
comments about the labels, although the true/false label had a higher non-completion rate than the
agree/disagree option.

The purpose of this study was to examine the effect of the response scale format on students
ratings of course instruction and instructors. This experiment was designed to inform the researchers
whether one of these formats would be morelikely than another to elicit student responses at the high
quality end of the scale or at the low quality end of the scale.

Sample and Procedure

Undergraduate students (n = 511) enrolled in 24 sections of an assessment course participated
inthe study during semestersfromfall, 1995 to spring, 1997. The sample, education studentsfrom the
same state university in Florida, were magjoring in the following areas. 43% elementary, 30%
secondary, 20% special education, 6% performance area (art, music, etc.) and 1% other.

FormsA, B, and C of the SUSSAI used in this experiment were direct adaptations of the State
University System Student Assessment of Instruction (SUSSALI) evaluation form that asks for student
responses to very global statements about instructional content and delivery. For all threeforms, the
item stems remained unchanged, Form A used the original SUSSAI response scale which ranged from
1 Excellent to 5 Poor; Form B used the current scale that ranged from 1 Poor to 5 Excellent; and Form
C used a Likert scale that ranged from 1 Strongly Disagreeto 5 Strongly Agree. Studentswithin
each class section were randomly assigned to one of the three response formats, with 172 students
completing Form A, 165 students completing Form B, and 174 students completing Form C. Thissudy
examined responses on al forms that were completed by students at week 15. A series of one-factor
ANOVAs were used to compare students' responses on the three forms.

Results and Discussion

The means and standard deviationsfor each of the eight items acrossthe three response-scale

format forms are presented in Table 9. A series of 1-Way ANOV As comparing the responsesfor al

eight items of the SUSSAI across three forms revealed no significant differences, after a Bonferroni
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adjustment, on the means and variancesfor the eight items. No significant differences (ps>.05) were
observed in student responses associated with the three response-scale formats presented to students
on these evaluation items. It was observed that students were more likely to choose the highest qudity
rating using the “ strongly agree” label rather than with the " excellent” label. This observation should
be examined further in a study designed to address this tendency directly. Further study might also

addresswhy some variablesin course evaluation and not others might be influenced by response-scae

format.
Table9
Means and Standard Deviations of Responses Across Scale Formats
Form A2 Form B® Form C*
10 (a0 o ‘1" Strongly
1’ Excdlent to 1 Poorto ‘5 . T
Item 5" Poor Exodlant Disagreeto ‘5
Strongly Agree

M SD M SD M SD

1. Description of course objectives and
assignments 415 096 418 084 422 098

2. Communication of ideas and information 395 106 404 093 398 104

3. Expression of expectations for

performance in this class 406 098 419 086 422 0.99

4. Availability to assist studentsin or out of 417 101 430 092 429 099

class
5. Respect and concern for students 413 107 423 101 425 1.07
6. Stimulation of interest in the course 372 120 395 102 391 114
7. Facilitation of learning. 392 106 410 093 4.03 106

8. Overall assessment of instructor 402 1.08 420 097 412 1.06

=172 "n= 165 °n= 174.
Discussion

Logicd content analysis of the items on the State University System Student Assessment of

Instruction (1995) instrument suggests, individually, they are similar to dimensions of instruction found
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in earlier research. The factor analysis studies indicate that, as a collection of statements, the
instrument reflects a general construct: students' global reaction to instruction. The factor structure
remained stable with both undergraduate students on campus and with web-based distance graduate
students, indicating its versatility with differing student groups. In addition, the SUSSAI appearsto be
stable across item and response formats so that some adaptability to suit the context of courses (e.g., a
distance education delivery format) appears possible if accompanied with the necessary validity and
reliability estimates.

Results from the studies comparing students' ratings multiple times across a semester,
however, suggest that the variable measured by the global items on the SUSSAI may reflect more
generalized motivation of students, arelatively stable personality characteristic that helpstoexplain
their general attitudes about school and instruction at the college and university level, rather than their
situation motivation that explains changes in their attitudes relative to a particular course and
instructor. This finding prompts the policy question, how valid are students' general perceptions of
instruction as an indication of the quality of aparticular course or instructor? Likewise, how validis
it to publish students’ general motivations about instruction in the library as an indicati on of thequdity
of aparticular course or faculty member? More research with alarger selection of students, courses,
colleges, and universities is undoubtedly warranted.

Datafrom the eight items of the SUSSAI indicate variability in responses from classto class
and differences were found from classto class on characteristics not related to instruction. It might be
reasonabl e to expect differences observed in students' ratings of instruction to be associated with non-
instructional student characteristics. With the exception of the number of hours employed outside of
school, it was observed that the student characteristics examined in this study were poor predictors of
students' end of term ratings of instruction. It was concluded that there was no substantial explanation
of students' ratings of instructor by the nine variablesincluded in this article. Thisis consistent with
earlier research summarized by Marsh (1987), Feldman (1997), and McKeachie (1997) who have
concluded that avariety of variablesthat are suspected to influence student ratings, have little effect on
them. In light of the changing nature of undergraduate students (e.g., working more hours outside of
studies, age, family unit), the caution by Haladyna and Hess (1994) that even small effects of a
characteristic on students’ ratings should be considered in interpreting the data. In the study by Carey
et a. (1992), the best predictor of end of course ratings on the College's SET and the AMP

instruments was students’ initial ratings of the course and instructor on the first day of the class.
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Even though research into best practice for faculty eval uation has been ongoing for years, there
is renewed interest in both methods and procedures, especialy related to formative evaluation and
course improvement. Differences in current students characteristics and needs, rapidly changing
instructional technology, diminished resources, and the current focus on value-added assessment are
al considerationsin current modelsfor assuring accountability ininstruction. Perhaps policiesrelated
to the newer model s of value-added, pre-post measures of students' achievement in acourse should be
accompanied by policies related to pre-post measures of students' attitudes of course quality.
Certainly, research into the viability of new policies, instruments, and procedures is warranted.

Limitations

The samples used in these studies are convenience samples composed of students from the
same university selected by the chance of enrollment in a particular education course across several
terms. Measurement for Teachersisarequired coursefor every student enrolled in an undergraduate
teaching program. The participantsin the distance sample were a so comprised of studentsenrolledin
particular web-based courses in Education and Arts and Sciences. It would have been preferable to
draw the sample from multiple courses within acollege, multiple colleges, and multiple universities.
Author Note

Portions of this paper were presented in asymposium at the 1997 annud mesting of the Horida
Educational Research Association in Orlando, Florida. James White, one of the co-authors, is
currently one of the editors of Florida Journal of Educational Research. The other authorsare or have
been with the University of South Florida, College of Education, Department of Measurement and
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